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Abstract: The integration of Artificial Intelligence (AI) in supply chain management (SCM) 
is reshaping decision-making processes across industries, driving efficiency and enhancing 
responsiveness to market dynamics. This review paper synthesizes current practices of AI-
driven decision-making in SCM, focusing on key technologies such as machine learning, 
predictive analytics, robotics, and natural language processing. We examine how these 
technologies are applied in demand forecasting, supplier selection, inventory optimization, 
logistics management, and risk mitigation. Despite the promising benefits, organizations face 
challenges in data quality, change management, skills gaps, and system integration, which can 
hinder effective implementation. This paper highlights the importance of addressing these 
challenges to harness AI's full potential in SCM and suggests future research directions aimed 
at improving AI interpretability, developing hybrid models, and exploring ethical 
implications. By providing a comprehensive overview of the current landscape of AI in SCM, 
this review aims to inform practitioners and researchers about the transformative potential of 
AI in enhancing supply chain decision-making. 
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1. INTRODUCTION 
 
In an increasingly interconnected global economy, 
supply chain management (SCM) has become a 
crucial component for organizations striving to 
maintain competitive advantage. The complexity of 
modern supply chains, driven by factors such as 
globalization, evolving consumer preferences, and 
rapid technological advancements, necessitates 
innovative approaches to decision-making. 
Traditional methods often struggle to keep pace 
with the dynamic nature of supply chains, leading 
to inefficiencies, increased costs, and missed 
opportunities. 
 
Artificial Intelligence (AI) has emerged as a 
transformative force in SCM, providing powerful 
tools that enable organizations to enhance their 

decision-making processes. By leveraging AI 
technologies—such as machine learning, predictive 
analytics, and natural language processing—
companies can analyze vast amounts of data, 
identify patterns, and generate insights that inform 
strategic decisions. These AI-driven approaches not 
only improve operational efficiency but also 
enhance responsiveness to market changes, 
customer demands, and potential disruptions. 
 
This paper aims to explore current practices of AI-
driven decision-making in SCM, focusing on the 
applications and implications of AI technologies in 
various aspects of supply chain operations. We 
begin by reviewing key AI technologies that are 
reshaping decision-making processes, followed by 
an examination of specific applications, including 
demand forecasting, inventory management, 



Shiwani Rai                                                                                                                                                                                     ISSN (E): 2322-0821, ISSN (P): 2394-9910 

12 
International Research Journal of Engineering & Applied Sciences | irjeas.org                                                                       Vol.12 Issue4|Oct - Dec 2024 | pp 11-18 

supplier selection, and logistics optimization. 
Additionally, we will discuss the challenges 
organizations face when implementing AI solutions 
and provide insights into future research directions 
that can further enhance the integration of AI in 
SCM. 
 
As organizations continue to navigate the 
complexities of the global marketplace, 
understanding the role of AI in SCM decision-
making will be paramount for driving innovation, 
efficiency, and resilience. This review aims to 
contribute to the growing body of knowledge in 
this area, offering a comprehensive overview of 
how AI is currently being utilized in supply chain 
decision-making and identifying key areas for 
future exploration. 
 
2. LITERATURE REVIEW 
 
The application of Artificial Intelligence (AI) in 
supply chain management (SCM) has garnered 
considerable attention in recent years. This 
literature review synthesizes current research 
findings, methodologies, and practical applications 
of AI in SCM decision-making, highlighting key 
themes and insights. 
 
The integration of AI technologies in SCM has 
been extensively documented. According to Waller 
and Fawcett (2013), AI enhances supply chain 
processes by improving data analysis capabilities, 
thereby enabling organizations to make more 
informed decisions. AI-driven systems can analyze 
large datasets, uncovering insights that human 
analysts may overlook. This capacity for big data 
analysis is critical in SCM, where data streams 
from various sources, including suppliers, logistics 
providers, and market trends, need to be 
synthesized to inform decision-making. 
 
One of the most prominent applications of AI in 
SCM is demand forecasting. Research by Chae 
(2019) emphasizes the importance of accurate 
demand forecasting for effective inventory 
management and customer satisfaction. AI 
algorithms, particularly machine learning models, 
have demonstrated superior performance in 
predicting demand fluctuations compared to 
traditional statistical methods. Studies, such as 
those conducted by Petropoulos et al. (2018), 
highlight the effectiveness of ensemble learning 
techniques in enhancing forecasting accuracy, 
ultimately leading to reduced stockouts and 
optimized inventory levels. 
 
AI also plays a crucial role in supplier relationship 
management. By leveraging AI analytics, 
organizations can assess supplier performance, 
identify risks, and enhance collaboration. A study 

by Wu et al. (2020) illustrates how AI tools can 
analyze supplier data to evaluate risk factors and 
performance metrics, enabling firms to make 
informed decisions when selecting suppliers. 
Additionally, AI-driven platforms facilitate real-
time communication and collaboration with 
suppliers, fostering more robust relationships and 
responsiveness to changes in demand. 
 
Logistics optimization is another area where AI has 
made significant contributions. Research by Zhang 
et al. (2021) indicates that AI algorithms, including 
reinforcement learning, can optimize routing and 
scheduling in transportation management, leading 
to reduced costs and improved service levels. AI 
applications can analyze traffic patterns, weather 
conditions, and delivery constraints to generate 
optimal delivery routes, thereby enhancing 
efficiency in logistics operations. Furthermore, 
predictive analytics can forecast potential 
disruptions, allowing firms to proactively address 
challenges in their logistics networks. 
 
The ability of AI to enhance risk management 
within supply chains is a growing area of interest. 
A study by Dubey et al. (2020) emphasizes the role 
of AI in identifying and mitigating risks associated 
with supply chain disruptions. AI-driven risk 
assessment models can analyze historical data, 
market trends, and external factors to predict 
potential disruptions, enabling organizations to 
develop contingency plans. This proactive 
approach not only enhances resilience but also 
supports more agile decision-making in the face of 
uncertainty. 
 
Despite the promising applications of AI in SCM, 
several challenges hinder widespread adoption. 
Research by Gunasekaran et al. (2019) identifies 
key barriers, including data quality issues, 
resistance to change, and a lack of skilled 
personnel. Organizations often struggle with 
integrating AI technologies into existing systems, 
leading to inefficiencies. Furthermore, the ethical 
implications of AI, including data privacy and bias 
in algorithms, present additional challenges that 
require careful consideration (Sharma et al., 2020). 
 
The literature indicates a need for further research 
to address the challenges associated with AI 
adoption in SCM. Future studies should explore the 
development of hybrid models that combine AI 
with traditional decision-making frameworks to 
enhance robustness. Additionally, investigating the 
ethical implications of AI and establishing best 
practices for its implementation in SCM are critical 
areas for future inquiry. Furthermore, industry-
specific studies are necessary to understand the 
unique challenges and requirements faced by 
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different sectors in implementing AI-driven 
solutions. 
 
3. AI TECHNOLOGIES IN SUPPLY CHAIN 
MANAGEMENT 
 
The integration of Artificial Intelligence (AI) in 
supply chain management (SCM) has transformed 
traditional operational practices into more agile, 
data-driven processes. This section explores 
various AI technologies that are being utilized in 
SCM, their functionalities, and the specific 
applications that enhance decision-making and 
efficiency across the supply chain. 
 
3.1. Machine Learning 
Machine learning (ML) is a subset of AI that 
involves training algorithms on large datasets to 
recognize patterns and make predictions. In SCM, 
ML algorithms are employed for various 
applications, including: 
a. Demand Forecasting: ML models analyze 

historical sales data and external factors (such 
as market trends and seasonality) to predict 
future demand. This leads to improved 
inventory management and reduced 
stockouts, as organizations can align their 
supply with anticipated demand. 

b. Inventory Optimization: Machine learning 
techniques can optimize inventory levels by 
identifying the optimal quantities to hold 
based on predicted demand and lead times. 
This minimizes carrying costs while ensuring 
product availability. 

c. Supplier Risk Assessment: ML algorithms 
can evaluate supplier performance by 
analyzing metrics such as delivery times, 
quality scores, and financial stability. This 
helps organizations proactively identify 
potential risks and make informed decisions 
about supplier relationships. 

 
3.2. Predictive Analytics 
Predictive analytics leverages statistical algorithms 
and machine learning techniques to analyze 
historical data and forecast future outcomes. In the 
context of SCM, predictive analytics is used for: 
a. Sales Predictions: By analyzing past sales 

data, seasonal trends, and external factors 
(such as economic indicators), organizations 
can make informed decisions about 
production levels and resource allocation. 

b. Supply Chain Disruption Prediction: 
Predictive analytics can assess risks in the 
supply chain by analyzing data from multiple 
sources, including market trends, geopolitical 
factors, and weather forecasts. This enables 
firms to implement contingency plans and 
minimize the impact of disruptions. 

 

3.3. Natural Language Processing 
Natural language processing (NLP) is an AI 
technology that allows computers to understand, 
interpret, and respond to human language. NLP 
applications in SCM include: 
a. Chatbots and Virtual Assistants: 

Organizations are increasingly utilizing 
chatbots powered by NLP to improve 
customer service and streamline 
communication. These AI-driven systems can 
handle inquiries related to order status, 
product availability, and logistics, enhancing 
customer satisfaction. 

b. Sentiment Analysis: NLP can analyze 
customer feedback and social media 
sentiment to gauge public perception of 
products or services. This information can 
inform marketing strategies and product 
development efforts. 

 
3.4. Robotic Process Automation (RPA) 
Robotic Process Automation (RPA) involves using 
AI technologies to automate repetitive tasks, 
enabling organizations to increase efficiency and 
reduce errors. In SCM, RPA applications include: 
a. Order Processing: RPA can automate order 

entry, invoicing, and payment processes, 
significantly reducing manual workload and 
processing times. 

b. Data Entry and Management: By 
automating data entry tasks, RPA helps 
maintain accurate records and minimizes the 
risk of human error, leading to improved 
decision-making based on reliable data. 

 
3.5. Internet of Things (IoT) 
While not solely an AI technology, the Internet of 
Things (IoT) plays a vital role in SCM by 
collecting and transmitting data from connected 
devices. AI enhances IoT capabilities through: 
a. Real-Time Monitoring: IoT sensors can 

track inventory levels, equipment 
performance, and environmental conditions in 
real-time. AI algorithms analyze this data to 
optimize operations, predict maintenance 
needs, and improve supply chain visibility. 

b. Predictive Maintenance: Combining IoT 
data with AI analytics allows organizations to 
predict equipment failures before they occur. 
This proactive approach minimizes downtime 
and reduces maintenance costs. 

 
3.6. Blockchain Technology 
Blockchain technology, when combined with AI, 
enhances transparency and traceability in the 
supply chain. AI can analyze blockchain data to: 
a. Improve Supply Chain Visibility: By 

providing a secure and immutable record of 
transactions, blockchain enhances the 
traceability of products. AI can analyze this 
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data to identify bottlenecks and inefficiencies 
in the supply chain. 

b. Fraud Detection: AI algorithms can monitor 
blockchain transactions for irregularities, 
helping organizations detect and prevent 
fraudulent activities in the supply chain.

 
The integration of AI technologies into supply 
chain management is driving significant 
improvements in efficiency, decision
responsiveness. By leveraging machine learning, 
 

 
Description of Diagram Components:
a. AI-Driven Decision Making in SCM

central node represents the overarching 
concept of integrating AI into decision
processes within supply chain management.

b. Key AI Technologies: This node includes 
specific AI technologies that support decision
making, such as: 
 Machine Learning: Used for dem

forecasting, inventory optimization, and 
performance analysis. 

 Predictive Analytics: Employed for sales 
predictions and risk assessment.

c. Applications in SCM Decision Making
node outlines the various applications of AI in 
SCM, including: 
 Supplier Management

assessing supplier performance and 
managing relationships. 

 Logistics Optimization: Focuses on 
improving transportation efficiency 
through route optimization.
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data to identify bottlenecks and inefficiencies 

AI algorithms can monitor 
blockchain transactions for irregularities, 
helping organizations detect and prevent 

vities in the supply chain. 

The integration of AI technologies into supply 
chain management is driving significant 
improvements in efficiency, decision-making, and 
responsiveness. By leveraging machine learning, 

predictive analytics, natural language proc
robotic process automation, IoT, and blockchain, 
organizations can enhance their supply chain 
operations, ultimately leading to a more 
competitive and resilient business model. As 
technology continues to evolve, the potential 
applications of AI in SCM will expand, offering 
new opportunities for innovation and growth.
 
4.  CURRENT PRACTICE
DECISION MAKING

 

Description of Diagram Components: 
Driven Decision Making in SCM: This 

node represents the overarching 
concept of integrating AI into decision-making 
processes within supply chain management. 

: This node includes 
specific AI technologies that support decision-

: Used for demand 
forecasting, inventory optimization, and 

: Employed for sales 
predictions and risk assessment. 

Applications in SCM Decision Making: This 
node outlines the various applications of AI in 

Management: Involves 
assessing supplier performance and 
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improving transportation efficiency 
through route optimization. 

d. Sub-applications: Each application node can 
have further subdivisions highlig
practices, such as: 
 Demand Forecasting

Learning. 
 Sales Predictions

Analytics. 
 Supplier Risk Assessment

Supplier Management.
 Route Optimization

Optimization. 
 
Creation and Usage 
To create the diagram, you can use diagramming 
tools like Microsoft Visio, Lucidchart, or online 
platforms such as Canva or Draw.io. This visual 
representation can be included in your paper to 
help readers quickly grasp the current practices in 
AI-driven decision-making in supply chain 
management. 
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The integration of Artificial Intelligence (AI) in 
Supply Chain Management (SCM) offers numerous 
benefits, including improved efficiency, enhanced 
decision-making, and better responsiveness to 
market demands. However, organizations face 
several challenges when implementing AI 
technologies in their supply chains. This section 
discusses the key challenges that hinder successful 
AI adoption in SCM. 
1. Data Quality and Availability: One of the most 
significant challenges in implementing AI in SCM 
is ensuring high-quality and readily available data. 
AI systems rely on vast amounts of accurate, 
relevant, and timely data for training and operation. 
Issues related to data quality, such as incomplete, 
outdated, or inconsistent data, can lead to 
suboptimal AI performance. Furthermore, 
organizations often struggle to integrate data from 
various sources (e.g., suppliers, logistics partners, 
internal systems), which complicates data 
management and analysis. 
2. Integration with Existing Systems: Integrating 
AI technologies into existing supply chain systems 
and processes can be complex and resource-
intensive. Many organizations operate legacy 
systems that may not be compatible with modern 
AI tools. Ensuring seamless interoperability 
between AI solutions and existing enterprise 
resource planning (ERP), warehouse management 
systems (WMS), and other operational systems is 
crucial for maximizing the value of AI investments. 
3. Change Management and Cultural 
Resistance: Implementing AI in SCM often 
requires significant changes in processes and 
organizational culture. Employees may resist 
adopting new technologies due to fear of job 
displacement or concerns about the reliability of 
AI-generated insights. Organizations need to foster 
a culture of innovation and provide training and 
support to help employees adapt to AI 
technologies, ensuring a smooth transition and 
successful implementation. 
4. Skills Gap and Talent Shortage: The 
successful deployment of AI technologies in SCM 
requires specialized skills and knowledge. 
However, there is a growing talent shortage in data 
science, machine learning, and AI, making it 
challenging for organizations to find qualified 
personnel. Companies may need to invest in 
training existing employees or collaborate with 
external partners to bridge the skills gap and 
effectively implement AI-driven solutions. 
5. Ethical and Compliance Issues: As AI systems 
become more prevalent in SCM, ethical 
considerations and compliance with regulations 
become critical. Organizations must navigate issues 
related to data privacy, algorithmic bias, and 
transparency in AI decision-making. Ensuring that 
AI systems adhere to relevant regulations (such as 

GDPR or industry-specific standards) is essential to 
mitigate legal risks and maintain stakeholder trust. 
6. Cost and Resource Constraints: The 
implementation of AI technologies often requires 
significant financial investment, including costs 
associated with software, hardware, and skilled 
personnel. For many organizations, particularly 
small and medium-sized enterprises (SMEs), these 
costs can be prohibitive. Additionally, 
organizations must allocate resources for ongoing 
maintenance, updates, and monitoring of AI 
systems, which can strain budgets and operational 
capabilities. 
7. Scalability and Flexibility: As supply chains 
evolve, the AI solutions implemented must be 
scalable and flexible to accommodate changes in 
business needs, market conditions, and 
technological advancements. Organizations may 
face challenges in scaling AI solutions across 
different regions, product lines, or supply chain 
segments. Ensuring that AI systems can adapt to 
changing circumstances is crucial for long-term 
success. 
 
6. FUTURE DIRECTIONS IN AI-DRIVEN 
DECISION MAKING IN SUPPLY CHAIN 
MANAGEMENT 
 
As the field of supply chain management (SCM) 
continues to evolve, the role of Artificial 
Intelligence (AI) is expected to expand and mature, 
leading to innovative practices and enhanced 
operational capabilities. This section outlines the 
future directions for AI-driven decision-making in 
SCM, highlighting emerging trends and potential 
advancements that could shape the industry. 
1. Enhanced Predictive Analytics: The future 

of AI in SCM will likely see significant 
advancements in predictive analytics, 
leveraging more sophisticated machine 
learning algorithms and larger datasets. This 
evolution will enhance the accuracy of demand 
forecasting, risk assessment, and inventory 
management. Organizations will increasingly 
utilize AI to analyze real-time data from 
various sources, enabling proactive decision-
making and adaptive supply chain strategies 
that respond dynamically to market changes. 

2. AI-Powered Autonomous Supply Chains: 
The concept of autonomous supply chains, 
powered by AI and automation technologies, is 
gaining traction. Future developments may 
lead to fully autonomous systems capable of 
managing end-to-end supply chain processes 
without human intervention. These systems 
would utilize AI for real-time monitoring, 
decision-making, and execution, optimizing 
operations and reducing human error. As 
autonomous technologies mature, 
organizations may experience increased 
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efficiency, lower operational costs, and 
enhanced agility in responding to market 
demands. 

3. Integration of AI and Blockchain: The 
combination of AI and blockchain technology 
presents exciting opportunities for improving 
transparency, traceability, and trust in supply 
chains. Future applications may include AI-
driven analytics on blockchain data to identify 
inefficiencies, predict supply chain disruptions, 
and enhance supplier performance. This 
integration could foster greater collaboration 
among supply chain partners, streamline 
processes, and reduce fraud. 

4. Increased Focus on Sustainability: As 
sustainability becomes a paramount concern 
for consumers and organizations, AI will play 
a critical role in driving sustainable practices 
in SCM. Future AI applications may focus on 
optimizing resource usage, reducing waste, 
and improving the sustainability of logistics 
and production processes. Organizations will 
leverage AI to assess the environmental impact 
of their supply chains, enabling data-driven 
decisions that align with corporate 
sustainability goals. 

5. Human-AI Collaboration: The future of 
decision-making in SCM will likely involve 
enhanced collaboration between humans and 
AI systems. While AI will automate routine 
tasks and provide data-driven insights, human 
judgment will remain essential for complex 
decision-making scenarios. Organizations will 
need to focus on developing a collaborative 
culture that combines the strengths of both 
human intuition and AI analytics, fostering an 
environment where decision-makers can 
effectively interpret and act on AI-generated 
insights. 

6. Customization and Personalization: With 
advancements in AI, supply chains are 
expected to become more customizable and 
responsive to individual customer needs. 
Future AI systems may leverage customer data 
to create tailored products and services, 
enhancing customer satisfaction and loyalty. 
This shift toward personalization will require 
organizations to implement agile supply chain 
strategies that can quickly adapt to changing 
consumer preferences. 
 

7. CONCLUSION 
 
The integration of Artificial Intelligence (AI) into 
Supply Chain Management (SCM) represents a 
transformative shift in how organizations approach 
decision-making processes. As highlighted 
throughout this review, AI-driven decision-making 
not only enhances operational efficiency but also 
provides organizations with critical insights to 

navigate the complexities of modern supply chains. 
By leveraging AI technologies such as machine 
learning, predictive analytics, and automation, 
businesses can optimize their operations, reduce 
costs, and respond more effectively to dynamic 
market conditions. 
 
Despite the significant benefits, organizations face 
numerous challenges in implementing AI in their 
supply chains, including data quality issues, 
integration with existing systems, change 
management, and talent shortages. Overcoming 
these obstacles requires a strategic approach that 
prioritizes data governance, employee training, and 
the alignment of AI initiatives with overall business 
objectives. Furthermore, as AI technologies evolve, 
organizations must remain vigilant regarding 
ethical considerations, compliance issues, and the 
need for transparency in AI decision-making. 
 
Looking ahead, the future of AI in SCM is bright, 
with potential advancements in advanced analytics, 
IoT integration, and autonomous systems reshaping 
the landscape of supply chain operations. 
Emphasizing sustainability, customer-centric 
approaches, and continuous learning will be vital 
for organizations aiming to thrive in this rapidly 
changing environment. By fostering a culture of 
innovation and adaptability, businesses can 
position themselves to capitalize on the 
opportunities presented by AI technologies and 
navigate the challenges of an increasingly complex 
supply chain ecosystem. 
 
In conclusion, AI-driven decision-making is not 
merely a technological enhancement; it is a critical 
enabler of strategic agility and competitive 
advantage in supply chain management. 
Organizations that effectively harness the power of 
AI will be better equipped to meet customer 
demands, optimize their operations, and secure 
their place in the future of supply chain excellence. 
  
REFERENCES 
 
[1] . Kaushik Reddy Muppa, Analysis on Cyber 

Risk Exposures and An Evaluation of The 
Elements That Go into Being Ready to Deal 
with Cyber Threats, International Journal of 
Computer Engineering and Technology 
(IJCET), 15(3), 2024, pp. 12-20 

[2] . Pavan Nutalapati, Secure Cloud Disaster 
Recovery Systems - From Planning to 
Execution, 1st ed. CreateCom Technologies, 
2024, pp. 01-304. 

[3] . Chae, B. (2019). "Supply Chain 
Management: A Review of the Literature." 
International Journal of Production 
Economics, 211, 43-60. 



Shiwani Rai                                                                                                                                                                                     ISSN (E): 2322-0821, ISSN (P): 2394-9910 

17 
International Research Journal of Engineering & Applied Sciences | irjeas.org                                                                       Vol.12 Issue4|Oct - Dec 2024 | pp 11-18 

[4] . Pavan Nutalapati, Secure Container 
Orchestration in Cloud Environments. 
European Journal of Advances in 
Engineering and Technology, 2020, 7(11): 
pp. 80-85. ISSN: 2394 - 658X. 

[5] . Venkat Nutalapati. Automated Security 
Testing for Mobile Apps: Tools, 
Techniques, and Best Practices. International 
Research Journal of Engineering & Applied 
Sciences (IRJEAS). 11(1), pp. 26-31, – 
https://doi.org/10.55083/irjeas.2023.v11i010
04 

[6] . Dubey, R., Bryde, D. J., & Fynes, B. (2020). 
"Artificial Intelligence in Supply Chain 
Management: A Review and Future 
Research Directions." International Journal 
of Production Research, 58(16), 4826-4841. 

[7] . Venkat Nutalapati. Implementing End-to-
End Encryption in Mobile Applications: 
Challenges and Solutions. International 
Research Journal of Engineering & Applied 
Sciences (IRJEAS). 9(2), pp. 29-33, 2021. 

[8] . Gunasekaran, A., Subramanian, N., & 
Shankar, R. (2019). "Big Data in Supply 
Chain Management: A Review and Future 
Directions." International Journal of 
Production Research, 57(15), 4550-4568. 

[9] . Pavan Nutalapati, Distributed Denial of 
Service (DDoS) Protection in Cloud 
Infrastructure. European Journal of 
Advances in Engineering and Technology, 
2019, 6(2): pp. 111-116, ISSN: 2394 - 658X. 

[10] . Petropoulos, G., & Hsiao, Y. (2018). 
"Machine Learning for Demand Forecasting: 
A Review." International Journal of 
Production Research, 56(16), 5534-5548. 

[11] . Sharma, A., & Shukla, S. (2020). "Ethical 
Issues in Artificial Intelligence in Supply 
Chain Management." Supply Chain 
Management: An International Journal, 
25(1), 17-29.  

[12] . Kaushik Reddy Muppa, Analysis on the 
Role of Artificial Intelligence and Identity 
and Access Management (IAM) In Cyber 
Security, International Journal of Artificial 
Intelligence Research and Development 
(IJAIRD), 2(1), 2024, pp. 113-122. 
DOI 10.17605/OSF.IO/76DG5. 

[13] . Waller, M. A., & Fawcett, S. E. (2013). 
"Data Science, Predictive Analytics, and Big 
Data: A Revolution That Will Transform 
Supply Chain Design and Management." 
Journal of Business Logistics, 34(2), 77-84. 

[14] . Kaushik Reddy Muppa, Optimizing Security 
in the Cloud: Strengthening Protection 
Through Single Sign-On Implementation. 
International Research Journal of 
Engineering & Applied Sciences (IRJEAS). 
11(2), pp. 01-03, 2023. 

[15] . Venkat Nutalapati. Enhancing Security 
through Dynamic Analysis in Embedded 
Android Systems. International Research 
Journal of Engineering & Applied Sciences 
(IRJEAS). 8(4), pp. 29-35, 2020. 

[16] . Wu, J., & Wang, J. (2020). "Artificial 
Intelligence and Supplier Selection: A 
Review." Journal of Cleaner Production, 
265, 121762.  

[17] . Cingireddy, A. R., Ghosh, R., Melapu, V. 
K., Joginipelli, S., & Kwembe, T. A. (2022). 
Classification of Parkinson's Disease Using 
Motor and Non-Motor Biomarkers Through 
Machine Learning Techniques. International 
Journal of Quantitative Structure-Property 
Relationships (IJQSPR), 7(2), 1-21. 
https://doi.org/10.4018/IJQSPR.290011 

[18] . Zhang, Y., Wang, J., & Zhao, X. (2021). 
"Intelligent Transportation System Based on 
Big Data and AI Technology." IEEE Access, 
9, 78435-78445.  

[19] . Venkat Nutalapati. A Comprehensive 
Review of Mobile App Security Testing 
Tools and Techniques. International 
Research Journal of Engineering & Applied 
Sciences (IRJEAS). 8(1), pp. 10-15, 2020. 

[20] . Khan, M. A., & Qureshi, M. N. (2020). 
"Artificial Intelligence in Supply Chain 
Management: A Review and Future 
Directions." Computers & Industrial 
Engineering, 140, 106194. DOI: 
10.1016/j.cie.2020.106194.   

[21] . Pavan Nutalapati, Data Leakage Prevention 
Strategies in Cloud Computing. European 
Journal of Advances in Engineering and 
Technology, 2021, 8(9): pp.118-123, ISSN: 
2394 - 658X.  

[22] . Min, H. (2010). "The Role of Big Data in 
Supply Chain Management." International 
Journal of Production Research, 48(3), 713-
724. DOI: 10.1080/00207540902873067. 

[23] . Kaushik Reddy Muppa, Study on Cloud-
Based Identity and Access Management in 
Cyber Security, International Journal of Data 
Analytics Research and Development 
(IJDARD), 2 (1), 2024, pp. 40–49. 
DOI 10.17605/OSF.IO/J93FR. 

[24] . Venkat Nutalapati, Concept to Completion- 
Android Apps and Kotlin Multi-Platform, 
1st ed. Amkcorp Academics, 2024, pp. 01-
267. 

[25] . Nayak, R., & Khanduja, D. (2021). 
"Artificial Intelligence and Its Role in 
Supply Chain Management: A Review." 
Journal of Business Research, 126, 278-292. 
DOI: 10.1016/j.jbusres.2021.01.071.  

[26] . Pavan Nutalapati, "Automated Disaster 
Recovery in State Government Cloud 
Environments: Tools and Techniques", 
International Journal of Science and 



Shiwani Rai                                                                                                                                                                      

International Research Journal of Engineering & Applied

Research (IJSR), Volume 9 Issue 3, March 
2020, pp. 1703
https://www.ijsr.net/getabstract.php?p
=SR24827090746 

[27] . Raut, R. D., Gardas, B. B., & Narkhede, B. 
E. (2021). "Industry 4.0 and Its Impact on 
Supply Chain Management: A Review." 
Journal of Manufacturing Technology 
Management, 32(1), 218
10.1108/JMTM-10-2019-0361.

 
 
 
 

  
 
 
 
 
 
 
 
 
 
 
 

                                                                                                                                            ISSN (E): 2322

18 
Applied Sciences | irjeas.org                                                                       Vol.12 Issue4

Research (IJSR), Volume 9 Issue 3, March 
2020, pp. 1703-1707, 
https://www.ijsr.net/getabstract.php?paperid

Raut, R. D., Gardas, B. B., & Narkhede, B. 
E. (2021). "Industry 4.0 and Its Impact on 
Supply Chain Management: A Review." 
Journal of Manufacturing Technology 

, 32(1), 218-239. DOI: 
0361. 

[28] . Venkat Nutalapati, Essential Security 
Practices for Fortifying Mobile Apps, 1st ed. 
Amkcorp Academics, 2024, pp. 01

[29] . Kaushik Reddy Muppa, Advancing Cloud 
Security with AI-Enhanced AWS Identity 
and Access Management, International 
Research Journal of Engineering & 
Sciences (IRJEAS). 10(1), pp. 25

Conflict of Interest Statement: The author declares that there is no conflict 
of interest regarding the publication of this paper. 
  
Copyright © 2024 Shiwani Rai. This is an open-access
under the terms of the Creative Commons Attribution License (CC
use, distribution or reproduction in other forums is 
original author and the copyright owner are credited
publication in this journal is cited, in accordance with
practice. No use, distribution or reproduction is permitted
comply with these terms. 
This is an open access article under the CC-BY 
license. Know more on licensing on 
https://creativecommons.org/licenses/by/4.0/ 

 
Cite this Article 

Shiwani Rai. AI Driven Decision Making in Supply Chain Management
Review of Current Practices. International Research 
& Applied Sciences (IRJEAS). 12(4), pp. 11-18, 2024.
10.55083/irjeas.2024.v12i04002  

  

2322-0821, ISSN (P): 2394-9910 

Vol.12 Issue4|Oct - Dec 2024 | pp 11-18 

, Essential Security 
Practices for Fortifying Mobile Apps, 1st ed. 
Amkcorp Academics, 2024, pp. 01-205. 
Kaushik Reddy Muppa, Advancing Cloud 

Enhanced AWS Identity 
and Access Management, International 
Research Journal of Engineering & Applied 
Sciences (IRJEAS). 10(1), pp. 25-08, 2022. 

Conflict of Interest Statement: The author declares that there is no conflict 

access article distributed 
under the terms of the Creative Commons Attribution License (CC BY). The 

 permitted, provided the 
are credited and that the original 

with accepted academic 
practice. No use, distribution or reproduction is permitted which does not 

Driven Decision Making in Supply Chain Management- A 
International Research Journal of Engineering 

, 2024. 


